ABSTRACT
INTRODUCTION
nderstanding the decision making of participants in stock exchange is an important subject to official observers and investors. In most studies in this field, researchers sought to study and understand the investing behavior of the participants in the market, and following that the influence of these factors on price of securities. Because the behaviors that affect the investment decisions of market participants are of prime importance.
Especially in recent years, researchers have tried to explain the causes of specific cases with the help of other sciences, such as psychology, social sciences, and physics. Using *Corresponding Author: Ali Golbabaei E-mail: aligolbabaei68@yahoo.com Telephone Number: 09111585183 Fax. Number:
psychological gains in economic theories led to the formation of behavioral finance tendencies. Many of the concepts in the field of behavioral finance are abstract concepts and quantitative indicators should be presented to measure them. One of the areas of behavioral finance is herding behavior which has received a lot of attention in recent decades. Herding behavior refers to the willingness of investors to ignore their own opinions (information) and mimicking the behavior of other investors. Although such behavior among investors can be rational or irrational, it causes the prices to get away from their intrinsic value and result in increased volatility in the market (Blasco et al., 2010). Klein et al. (2013) argue that if investors act based on the market, then the dispersion of returns should generally get disappeared [13] .
Financial markets tendency to sudden changes, which is created as a result of changes in the behavior of investors, can lead to the emergence of different price and return tendencies on the market (Abtahi, 2012). Current static models to measure herding behavior suffer from several shortcomings including the inability to identify if herding behavior can change over time as market conditions change or not. In fact, these models assume that herding behavior is constant over time or it is independent of economy. This defect is not only economically irrational, but it also leads to a false representation of the data (Klein et al., 2013) . Unlike standard models of herding behavior, this method allows us to distinguish between the different markets conditions. The first objective of this research is development of research in the field of herding behavior in Iran stock exchange. But the main objective of this study was to modify the standard approaches of herding behavior and testing herding behavior in different fluctuations (regimes) of the market. 
THE THEORETICAL LITERATURE
Generally, herding behavior in the capital market has been defined as: natural tendency of investors to mimic the performance of a large group of investors who have been informed better, and disregarding personal information and expectations. Banerjee (1992) argues that herding behavior occurs when investors look to other investors' behavior. Because they think that others have more information, while their personal information asks them to act otherwise. Christie and Huang (1995) has defined herding behavior as the tendency of investors to form their opinions based on group behavior on the market, despite the difference it has with what their expect. Nofsinger and Sias (1998) argue that herd behavior as one of the major issues discussed in behavioral finance paradigm, expresses a situation that investors, over a specified period, trade smoothly and in the same direction, which means a group of investors deal at the same time in the same direction [15] . Chang et al. (2000) believe that herding is a process in which investors trade according to the mass market and not based on their own personal expectations. In herding, investors follow market efficiency and buy or sell it without accurate assessment of the characteristics of the property [6] . Bikhchandani and Sharma (2000) defined herding as investors' intention to copy the behavior of other investors. They believe that this type of herding behavior is different from unintentional herding behavior, where people encounter similar decision [3] . They believe that some factors inherently influence investors' decisions. For example, by increase in interest rates investment gets less appealing, and investors may hold fewer stocks in their portfolios. This is actually not the herding behavior, as investors did not mimic the decisions of other investors. Instead, they reacted to public information. But intentional herding behavior includes irrational behavior such as purchasing the recent winner stocks and selling recent loser stocks.
THE RESEARCH HISTORY
Chung Cheng and Khorana (2000) examined herding behavior in the international market (America, Hong Kong, Japan, South Korea and Taiwan).Using daily stock price data in their analysis, they expanded the work done by Christie and Huang (1995), and offered a more robust procedure for the detection of herding based on the behavior of stock return s. They concluded herding does not exist in America, Hong Kong, Japan, but there are signs of herding in South Korea and Taiwan. Chen et al. (2003) studied herding behavior in China stock market using Christie and Huang's method (1995). The used daily stock returns from January 1996 to December 2002 and concluded that herding behavior exists in foreign investors (stockholders type B) in China's stock market. Hwang and Salmon (2004) using the cross-sectional dispersion offered a new way to study the sensitivity of the assets in the market, and studied herding behavior towards a certain style or way. In this method, we can measure the herding behavior towards other factors. Using daily data, they examined herding behavior in developed and emerging stock markets in America and South Korea during 1 January 1993 to 30 November 2002, and found some evidence of herding behavior in both bear and bull markets. American market also had a substantial tendency towards value factor [9] . Eslami Bidgoli and Shahriari (2006) He found that herding behavior does not exist during the market boom in the Tehran Stock Exchange, but he found evidence of herding during the market Depression. he also did not find evidence of herding using weekly and monthly data and via this phenomenon put emphasis on short-term feature of herding. 
-2000. They believe that in this approach, herding exists in different regimes of the market. They reached the conclusion that the stock markets in the Persian Gulf (Kuwait, Saudi Arabia, Dubai, Abu Dhabi and Qatar) have three regimes (low, high and extreme volatility). They also concluded that herding behavior under extreme volatility (regime) exists for all markets except Qatar. Abtahi and Nik Fetrat (2012) examined the volatility of the stock market using Markovswitching model. They used daily data of cash output and price index to study fluctuations (regimes) of Tehran Stock Market from 2006 to 2011. Obtained results offer three states or regime for this market: a regime with a negative average return and two regimes with positive average return. Also, the stability of the regime with a positive average return but low and transition of other regimes to this regime on this market is of high probability. 
Where: N: number of stocks in the portfolio Ri,t : observed return on stock i on day t Rm,t: return on the market on day t CSAD: cross-sectional absolute deviation of returns in period t According to the efficient market, investor would expect the dispersion across security returns to be positively related to the size of market return shocks as securities would have different sensitivities to the market return. Considering a single factor model where systematic risk is measured by a security's beta, the cross-sectional variation in security betas is expected to lead to greater cross-sectional return dispersion for greater values of absolute market return. However, in a market where herding behavior is prevalent, investors' correlated actions of moving in and out of particular sectors or stocks might break the positive and linear relationship between return dispersion and market return. The main idea of this method is based on the premise that when there is herding behavior in the market, companies' stock returns do not have a lot deviation from returns of the market. Because people suppress their personal beliefs and follow other investors' similar decisions. Therefore, this method studies the relationship between the dispersion of market stock and market efficiency during periods of major market moves, and estimate the following model:
Where Rm,t is the return on the market on day t. Once again, based on conditional CAPM, one would expect the cross-sectional variation in stock betas to lead to a positive estimate for α1 as stocks would react differently to market return shocks. However, a significant value for α2 would suggest that the theoretical linear relationship breaks down for large returns. Furthermore, observing a negative and significant value for α2 would further suggest greater directional similarity in stock returns during periods of market stress, and thus is used in this methodology as a support for herding behavior. However, a major weakness of this methodology is that it is based on a static model where the model parameters are assumed to be constant over time. In other words, the static model of Equation (2) ignores possible structural breaks and regime changes that may create varying states of uncertainty in a regime-changing environment, and thus may impact herding behavior. Considering that herding behavior would be more prevalent during periods of market stress4 and in a regime-changing environment, one would suggest a warranted approach of time-varying herding behavior that is able to differentiate between the different market states where herding behavior may or may not exist. Therefore, to investigate the dynamic nature of the relationship between the dispersion of returns and market returns, we distinguish different conditions of market, where herding behavior may or may not exist. For this purpose, we estimate the following three-state Markov switching model of the cross sectional return dispersions. transition probabilities of Pij, explains the possibility that state i can be followed by j, and also i, j take the value of (1,2,3) and ∑ P ij = 1
.
HYPOTHESIS, POPULATION AND SAMPLE
In this paper, based on the literature and theory of research, three hypotheses will be extracted and tested. These assumptions are:
1. There is herding behavior with low volatility in Tehran Stock Exchange.
2. There is herding behavior with high volatility in Tehran Stock Exchange 3. There is herding behavior with crash volatility in Tehran Stock Exchange.
In this study herding behavior is studied in Tehran Stock Exchange from 2009-2013. Sampling was done randomly. The companies which had trading stop more than 4 months were excluded from the sample. According to limitations, number of companies participating reduced to 83.
COLLECTING AND ANALYSING STATISTICAL DATA
To obtain the information needed to implement the model, the data issued by the Director of Research, Development and Islamic Studies of the Stock Exchange were used. In this study, to calculate the herding behavior static and dynamic methods are used. In static method (Chang et al., 2000) and in the dynamic method (Balcilar., 2013) are used and at the end the static and dynamic models are compared with each other [6] .
In these models, returns of all companies were collected on a daily basis, and then returns of portfolios were calculated. The next step is to calculate the standard deviation of sectional absolute deviation (CSAD) using equation (1) . Finally, using nonlinear regression (Eq 2 and 3), herding behavior is estimated in different states of the market. Table 1 and 2 show the results obtained from dynamic and static model. As shown in Table 1 α1 coefficient is positive and significant for the whole market and thus consistent with conditional CAPM model. being significant and positive of this coefficient indicates the presence of the cross-sectional variation in stock beta, which leads to greater dispersion, because each stock react differently to market shocks. To detect herding behavior, coefficient (α2) must be negative. In fact, the main idea of this method is based on the assumption that when herding behavior exists in the market, stock return of different companies does not deviate much from the return of the market. Because people suppress their personal beliefs and follow other investors' decisions. Thus, as shown in Table 1 , this coefficient due to not being negative, static model does not show evidence of herding behavior in the market. Considering the weaknesses of this static model in understanding the dynamic nature of herding behavior, we use dynamic model. Thus, using a dynamic model in showing herding behavior in market volatility seems necessary. Table 2 shows the results obtained from dynamic model in which by using equation 3 herding is measured in 3 states (regimes). These 3 states include low volatility regime (regime 1), high-volatility regime (regime 2) and extreme volatility regime (regime 3). Regimes are separated according to their level of volatility. As shown in Table 2 , being negative and significant of coefficient α2 in regime 2 and 3 indicates that herding behavior exists in the whole market in high and extreme volatility. But no evidence for herding behavior was found in low volatility regime that somehow reflects the absence of herding in the regimes with low volatility. This may be consistent with the results of Blasko et al. (2011) . Unlike the static model, dynamic model suggests that the relationship between the variables in different volatilities of the market is different. According to the results obtained from hypotheses 2 and 3 are confirmed and hypothesis 1 rejected in the whole market.
FINDINGS

CONCLUSION
Different models were used to calculate the herding in Tehran Stock Exchange all of which have considered herding behavior as static. But present research shows that herding behavior is dynamic phenomenon. In this study, we tried to calculate herding behavior using (Balcilar., 2013) dynamic model, and compared it with one of the static models (Chang et al., 2000 model) , to show these models weaknesses in explaining the dynamic nature of herding behavior.
According to the results obtained using the static model in the whole market, no herding behavior was observed. Therefore, the results obtained are consistent with conditional CAPM model. However, using the dynamic model different results were obtained. No evidence of herding behavior was found in low volatility regime. Thus, Hypothesis 1 is rejected. Some evidence of herding behavior was found in high and extreme volatility regimes. Thus, hypothesis 2 and 3 are accepted. Finally, it can be concluded that using the mentioned dynamic model, existence of herding behavior can be studied better 
